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Model interactions
without RAG LLM

4 )
What was the result for the
European cup 2024 game
Netherlands against England?

\ place, so there is no result for the game
V) between Netherlands and England,,[ﬂ
J

[1] Produced with gemini-1.0-pro-001, temperature = 0.0, top_p = 1.0

i - ?
What is your knowledge cut-off vﬂy knowledge cutoff is April 2023. )

Large Language Model

~N
The European Cup 2024 has not yet taken

This means that | do not have access
to real-time information or events

that have occurred after this date.

m However, | am able to provide information and answer questions based on

my knowledge up to April 2023. If you have questions about events or
information beyond this date, | may not be able to provide an accurate or
up-to-date response.

Is there anything else | can help you with today?[” /

[1] Produced with gemini-1.0-pro-001, temperature = 0.9, top p = 1.0
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Large Language Model
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Model interactions

LLM

Large Language Model

(" ) }

y

What was the result for the
European cup 2024 game
Netherlands against England?

\_ )
V) England beat Netherlands 2-1 in the
second semi-final of the UEFA European

Football Championships, Euro 2024.11

J

[1] Produced with gemini-1.0-pro-001, temperature = 0.0, top_p = 1.9,
grounded in Google Search
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RAG is useful,
so how does it
work?

Let's together understand RAG
and its levels of difficulty.



The Levels of RAG

Level 1

Basic RAG
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Document retrieval
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Matching document texts and metadata
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Level 1

Basic RAG

? Answer generation

You are an assistant for
question-answering tasks. Use
the following pieces of
retrieved context to answer the
question. If you don't know the
answer, just say that you don't
Documents aa know. Use three sentences
Z\ > maximum and keep the answer
|4

concise.

Question: {question}

Context: {context}

m KAHSWGI’I /
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Basic RAG
Let's give it a spin!
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Level 1

Basic RAG
Let's give it a spin!

# Enhancing....

# Computer vision ...
# Predicting the ...
#How | lost 1000€ ...

Schedule N

(2, mainstage)

Embed

each session ?

Small break

o

a

Risks and Mitigations for PPN The Levsis of RAG T
asafe and Responsible. B e .

redicting the Spring

PyData Eindhoven 202
Schedule

LLM

Large Language Model

e Prompt

Which talks are related to sports?
return a bullet list

.

£
E

You are an assistant for question-answering tasks. Use the following pieces of retrieved context to answer the question. If you don't
know the answer, just say that you don't know. Use three sentences maximum and keep the answer concise.

Question: Which talks arerelated to sports?

Context:

# Enhancing Event Analysis at Scale: Leveraging Tracking Data in Sports.

Learnhow to automate the generation of contextual metrics from tracking data to enrich event analysis, handling the influx o f games
amiving daily in anefficient way by scaing-outthe enfre architecture.

## Description

In the dynamic landscape of sports analytics, the integration of tracking data has opened new frontiers for in-depth event analysis.
Yet the use ofthis dataremains abottleneck, paricularly when dealingwith alarge volume of games. Indeed, such computation is
either too expensive or o long. The focus of the presentation will be on automating the generation of these contextua metrics at
scale, and their usage by professionals and decision-makers.

The presentation will showcase an architecture and an automated pipeline designed to handle the influx of games. Leveraging
Pythonand cloud computing services such as message queues, we efficiently manage incoming game data by scaling the
infrastructure based on the workload, ensuring optimal performance during peak period while minimizing costs during quieter times.
The presentation will strike a balance between technical depth and practical application. Attendees will gain insights into the
architecture required to efficiently process hundreds of games weekly, while acconmodating the thousands already present in the
database. The advantage granted by this method will be quantified in terms of time and resources to inform data scientists and data
engneers the efficiency they coud reach.

## Timeslot
2024-07-11T14:45:00+02:00 with a duration of 00:30

## Room
If (1.1)

## Speaker

###Yannis MOUDERE

| ama French Data Scientist, hdding an engineering diploma from Telecom Paris and a Masters degree from Institut Polytechnique
de Paris in Applied Mathematics and Data Science.

At the end of my studies, | completed a Data Science intemship atParma Cacio 1913. | now serve as a full-time Data Scientist at the
club,working on leveraging tracking data.

Answer:

Answer

Here's a list of talks related to sports:

* Enhancing Event Analysis at Scale: Leveraging
Tracking Data in Sports.

« Computer vision at the Dutch Tennis Federation:
Utilizing YOLO to create insights for coaches

 Predicting the Spring Classics of cycling with my
first neural network

* How I lost 1000€ betting on CS:GO with machine
learning and Python

[1]1Produced with gemini-1.5-pro, temperature = 0.7 (defaults)



12:00 PM

Predicting the Spring Classics of
cycling with my first neural
network

3 Rob Claessens

PySport - Sports Analytics

12:30 PM
2 Computer vision at the Dutch
Tennis Federation: Utilizing YOLO

to create insights for coaches
a Max Brouwer, Matthias Kempe

PySport - Sports Analytics

2:30 PM

Enhancing Event Analysis at Scale:
Leveraging Tracking Data in
Sports.

@ Vonnis MouDERE

PySport - Sports Analytics
3:00 PM

pVData Eind ho‘,en 202[" Home About Sponsor Schedule Tickets

Jeroen Overschie ~

How | lost 1000€ betting on CS:GO with machine learning and Python
07-11, 16:05-16:35 (Europe/Amsterdam), If (1.1)

People have been using machine learning for sports betting for decades. Logistic regression applied to horse racing made someone a multi-
millionaire in the 80s. While fun, betting is a losing proposition for most. The house always wins, right?

With a friend, | thought we could beat the house in e-Sparts by leveraging modern ML tools like LightGBM. E-sports betting is less
sophisticated than football or horse racing i.e. the market is less efficient. There is a lot of online data and unknown teams. It was a space
ripe for money-making, or so we thought.

First, | will explain the theory behind e-sports betting with ML: what is an edge, financial decision-making, the expected value and decision
rule for one bet, multiple bets with the Kelly criterion, probability calibration and the winner's curse.

Then, | will explain how we built a web scraper to extract features, developed a probabilistic classifier using LightGBM, defined betting rules
using the Kelly criterion, backtested it with a positive ROI, and then lost actual money, with many priceless lessons coming out of it.

This presentation goes in-depth on how to use ML for e-sports betting and the pitfalls one might fall in. More broadly, | try to connect ML with
financial decision-making, which can be applied in other domains too (credit, fraud, marketing), targeting data scientists and ML practitioners
who are interested in financial applications.

Answer \

Here's a list of talks related to sports:

* Enhancing Event Analysis at Scale: Leveraging
Tracking Data in Sports.

« Computer vision at the Dutch Tennis Federation:
Utilizing YOLO to create insights for coaches

 Predicting the Spring Classics of cycling with my
first neural network

* How I lost 1000€ betting on CS:GO with machine

learning and Python /

[1]1Produced with gemini-1.5-pro, temperature = 0.7 (defaults)
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2 Personal » Projects > B8 levels-of-rag DEVELOPER Stats
N Last 7 days
2 -07- ¢ ID DataRetention 14d Add Rule * Edit
g8 g levels-of rag 4 4 RUN COUNT
151
pa Runs Threads Monitor Setup
TOTAL TOKENS
® : 98,350/ $0.00®
= 1filter ¥ Last7days RootRuns LLMCalls AllRuns [ Columns
< MEDIAN TOKENS
° > @ Name Input Output Start Time Latency Dataset Annotation Queue Tokens | 13
= ERROR RATE
> @ RunnableSequence which talks are related... Hereisalistof tal... 02/07/2024, 21:33:13 ® 4.38s a8 pa 2,914 -
®
> (%) RunnableSequence which talks are related... Here are the talks... 02/07/2024, 21:33:02 | ® 652s 8 £ 2,993 % STREAMING
0%
> () RunnableSequence which talks are related... Here'salistoftal.. 02/07/2024,21:31:25 | © 564s 8 £ 2,922 LATENGY
P50:1.28s  P99: 7.04s
> () RunnableSequence which talks are related... The following talk.. 02/07/2024, 21:29:33 | @ 3.53s 8 £ 2,917
> &  RunnableSequence which talks are related... Here are the talks... 02/07/2024,21:29:19 | ©® 6.07s =] Vi 2,978 % Filter Shortcuts
&  Retriever which talks are related... [{'page_content":"... 02/07/2024,21:27:34  ® 029s =l Y 0 Metadata
ls_model_name
&  Retriever which talks are related... [{"page_content": 02/07/2024,21:27.06 O 0.25s 8 & 0
Is_model_name == "gpt-3.5-...
() ChatGoogleGenerativeA human: hello! ai: Hello! How can... 02/07/2024, 21:26:00  © 1.69s = £ 13 Is_model_name == "gpt-35-t...
> @  RunnableSequence which talks are related... The following talk.. 02/07/2024,21:25:23 | © 3.94s S Y 2001 ls_model_name == "models/...
ls_model_name == "models/...
> @ RunnableSequence which talks are related... The following talk... 02/07/2024, 21:24:09 ® 757s pa 2,930
ls_model_type
& (%) ChatGoogleGenerativeA human: what is the RA...  ai: Please provide ... 02/07/2024,21:24:02 | (® 551s 8 £ 158 Is_model_type == "chat"
& (%) Retriever which talks are related... [{"page_content™:"... 02/07/2024,21:23:59 O 028s e £ 0 ls_provider
Is_provider == "google_genai"
B () Retriever which talks are related... [{"page_content™:"... 02/07/2024,21:23:52 (@ 028s 8 £ 0
Is_provider == "openai”
@ @ ChatGoogleGenerativeA human: hello! ai: Hello! How can... 02/07/2024,21:23:38  (© 1.87s =] pa 13 Is_temperature
(©) ChatGoogleGenerativeA human: what talks are ... ai: Unfortunately, I..  02/07/2024, 21:22:25 | ©® 4.17s E] Vi 130 Is_temperature ==
9 Is_temperature == 0.7
() ChatGoogleGenerativeA human: hello! ai: Hello! What can...  02/07/2024, 21:22:05  © 1.20s B8 & 14
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. 2 levels-of-rag e
28 Trace o RunnableSequence & RuniD & Trace D
Collapse Stats Most relevant
pa Runs Threads Monitor Setup Run Feedback Metadata o
® RunnableSequence © CrARTTIME
= Ifilter ¥ Last7days RootRuns LLMCalls AllRuns Input ~
© 438 ) [@ 2914 07/02/2024, 09:33:13 PM
“ b ® Name Input B map:key:context 0505 v 1 input: which talks are related to sports? return
_ ) a bullet list ENDTIME
= @ Retriever 0.49s 07/02/2024, 09:33:17 PM
b @ RunnableSequence which talks are
format_docs 0.00s YAML
® TIME TO FIRST TOKEN
> (%) RunnableSequence which talks are @ ChatPromptTemplate @ Hub 0.00s N/A
.
m ChatGoogleGe... models/gemi.. 3885
La n g S I t h > ()  RunnableSequence which talks are Output ~ STATUS
@ Some runs have been hidden. Show 3 hidden runs @ Success
b () RunnableSequence which talks are Here is a list of talks related to sports:
TOTAL TOKENS
> ©  RunnableSequence which talks are -Enhancing Event Analysis at Scale: Leveraging Tracking Data in 2,914 tokens
Sports.
& Retriever which talks are -Computer vision at the Dutch Tennis Federation: Utilizing YOLO to LATENCY
create insights for coaches. © 438s
©  Retriever which talks are -Predicting the Spring Classics of cycling with my first neural
network. TPE
(%) ChatGoogleGenerativeA human: hello! -How | lost 1000€ betting on CS:GO with machine learning and Python.
> &  RunnableSequence which talks are
> () RunnableSequence which talks are
o @ ChatGoogleGenerativeA human: what is
& (%) Retriever which talks are
B () Retriever which talks are
@ @ ChatGoogleGenerativeA human: hello!
E (¥) ChatGoogleGenerativeA human: what te
(%) ChatGoogleGenerativeA human: hello!
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© Retriever which talks are particularly when dealing with a large volume of games. Indeed, TAGS
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> (©)  RunnableSequence which talks are Output ~
> () RunnableSequence which talks are Al
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Maximizing marketplace experimentation: switchback design
for small samples and subtle effects

‘ £ .ical ‘

07-11, 14:45-15:15 (Europe/Amsterdam), Else (1.3)

Conventional A/B testing often falls short in industries such as airlines, ride-sharing,
nd delivery services, where challenges like small samples and subtle effects
omplicate testing new features. Inspired by its significant impact in leading

companies like Uber, Lyft, and Doordash, we introduce the switchback design as a

practical alternative to conventional A/B testing. By addressing small sample size

limitations and the need to detect subtle effects quickly, this approach boosts
statistical power while reducing variability and interference. We guide the audience
through the challenges of marketplace experimentation and implementing this
approach, period length optimization and switch frequency using a case study from
the airline industry.

In this talk, we introduce switchback design, a method that addresses key challenges in
marketplace experimentation faced by sectors like airlines and ride-sharing. It addresses
traditional A/B testing's limitations on small samples and subtle effects, highlighted by
successes in companies like Uber, Lyft, and Doordash. This approach, crucial for
accurate effect measurement, aims to boost decision-making and operational
optimization, supported by a practical case study.

Talk outline:
- Introduction (5 mins): Quick intro to our expertise and the topic's relevance.

- Challenges (5 mins): Overview of marketplace experimentation challenges.

- Switchback Design (5 mins): Basics of switchback design vs. traditional A/B testing.
- Case Study (10 mins): Real-world application in the airline industry, showcasing
benefits and drawbacks.

- Key Takeaways (5 mins): Summary of our talk.

- Q&A (10 mins): Open discussion for clarifications and further insights.
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to additional adjustments due to inflation.Performance
represents max capability on fully expendable vehicle.
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ChatP A
ChatOpenAl gpt-35-turbe  1.94s o o STANDARD PAYMENT PLAN 569-75 M
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The price for a Falcon 9 rocket launch with the standard payment plan is
KENE
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https://www.spacex.com/media/Capabilities&Services.pdf
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Falcon 9 rocket to Mars?
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The payload capacity of the Falcon 9 rocket to Mars is 8,300 kg or 18,300
bs. SpaceX offers competitive pricing for its launch services to various
destinations, including low-Earth orbit and Mars. Customers need to verify
the mass properties of their payload before shipping it to the launch site.
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‘| Context: CAPABILITIES & SERVICESFALCON

9DESTINATIONSpaceX offers competitive pricing for its Falcon
9 and Falcon Heavy launch services. SpaceXalso offers crew
transportation services tolow-Earth orbit (LEO) destinations.See
additional information at spacex.com/humanspaceflight.
LOW-EARTH ORBIT (LEO)GEOSYNCHRONOUS TRANSFER
ORBIT (GTO)PAYLOAD TO MARS22,000 kg50,265 1bs8,300
kg18,300 Ibs4,020 kg8,860 IbsSTANDARD PAYMENT
PLAN(through 2024)$69.75 MUp to 5.5 mT TO GTOPRICE *
*Pricing adjustments made in January 2024 account for
inflation. Missions purchased in 2024 but flown beyond 2027
may be subject to additional adjustments due to
inflation.Performance represents max capability on fully
expendable vehicle.

© Space Exploration Technologies Corp. All rights reserved.
13

ey e ¥ v
|bs. SpaceX offers competitive pricing for its launch services to various
destinations, including low-Earth orbit and Mars. Customers need to verify
the mass properties of their payload before shipping it to the launch site.
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‘| Context: CAPABILITIES & SERVICESFALCON

9DESTINATIONSpaceX offers competitive pricing for its Falcon
9 and Falcon Heavy launch services. SpaceXalso offers crew
transportation services tolow-Earth orbit (LEO) destinations.See
additional information at spacex.com/humanspaceflight.
LOW-EARTH ORBIT (LEO)GEOSYNCHRONOUS TRANSFER
ORBIT (GTO)PAYLOAD TO MARS22,000 kg50,265 Ibs8,300
kg18,300 Ibs4,020 kg8,860 IbsSTANDARD PAYMENT
PLAN(through 2024)$69.75 MUp to 5.5 mT TO GTOPRICE *
*Pricing adjustments made in January 2024 account for
inflation. Missions purchased in 2024 but flown beyond 2027
may be subject to additional adjustments due to
inflation.Performance represents max capability on fully
expendable vehicle.

© Space Exploration Technologies Corp. All rights reserved.
13

|bs. SpaceX offers competitive pricing for its launch services to various
destinations, including low-Earth orbit and Mars. Customers need to verify
the mass properties of their payload before shipping it to the launch site.
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format_docs 0.00s pieces of retrieved context to answer the question. If you don't know the

o answer, just say that you don't know. Use three sentences maximum and

keep the answer concise.

Question: what is the payload | can carry with the Falcon 9 rocket to Mars?
Context: CAPABILITIES & SERVICESFALCON 9DESTINATIONSpaceX
offers competitive pricing for its Falcon 9 and Falcon Heavy launch
services. SpaceXalso offers crew transportation services tolow-Earth orbit
(LEO) destinations.See additional information at
spacex.com/humanspaceflight.

LOW-EARTH ORBIT (LEO)GEOSYNCHRONOUS TRANSFER ORBIT
(GTO)PAYLOAD TO MARS22,000 kg50,265 |bs8,300 kg18,300 lbs4,020
kg8,860 lbsSTANDARD PAYMENT PLAN(through 2024)$69.75 MUp to 5.5
mT TO GTOPRICE *

*Pricing adjustments made in January 2024 account for inflation. Missions
purchased in 2024 but flown beyond 2027 may be subject to additional
adjustments due to inflation.Performance represents max capability on
fully expendable vehicle.

®© Space Exploration Technologies Corp. All rights reserved. 13

Qutput v~

Al

The payload capacity of the Falcon 9 rocket to Mars is 8,300 kg or 18,300
|bs. SpaceX offers competitive pricing for its launch services to various
destinations, including low-Earth orbit and Mars. Customers need to verify
the mass properties of their payload before shipping it to the launch site.
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\,x 5 Personal < Back to ChatOpenAl Run DEVELOPER
e Editing ChatOpenAl Secrets & APIKeys  History
A Input Out 35 = )
put ChatOpenAl gpt-3.5-turbo 52 Settings X
@ HUMAN ~ Fancy rendering c
v Provider
F4 You are an assistant for question-answering tasks.
Use the following pieces of retrieved context to Al u] ChatOpenAl e
= answer the question. If you don't know the answer, The payload capacity of the Falcon 9 rocket to Mars is 8,300 kg or Model
just say that you don't know. Use three sentences 18,300 lbs. SpaceX offers competitive pricing for its launch services to
0] maximum and keep the answer concise. various destinations, including low-Earth orbit and Mars. Customers gpt-3.5-turbo v
Question: what is the payload | can carry with the need to verify the mass properties of their payload before shipping it to
Falcon 9 rocket to Mars? the launch site. Temperature o
Context: CAPABILITIES & SERVICESFALCON lo]
9DESTINATIONSpaceX offers competitive pricing
for its Falcon 9 and Falcon Heavy launch services. Maximum Length 1
SpaceXalso offers crew transportation services o
tolow-Earth orbit (LEO) destinations.See additional
information at spacex.com/humanspaceflight. TopP 1
LOW-EARTH ORBIT (LEO)GEOSYNCHRONOUS
TRANSFER ORBIT (GTO)PAYLOAD TO MARS22,000 O
kg50,265 |bs8,300 kg18,300 Lbs4,020 kg8,860
IbsSTANDARD PAYMENT PLAN(through Presence Panalty 0
2024)$69.75 MUp to 5.5 mT TO GTOPRICE * o
*Pricing adjustments made in January 2024
account for inflation. Missions purchased in 2024 Frequency Penalty 0
but flown beyond 2027 may be subject to O
additional adjustments due to
inflation.Performance represents max capability on Tools
0- fully expendable vehicle.
' n-selected b 3 —+ Add
@ © Space Exploration Technologies Corp. All rights
reserved. 13 Seed
B
JSON mode D
@ Stop Sequences
SpaceXl reqmres.lhm customers verify the mass + Add stop sequence
e properties of their system through measurement .
before shipping it to ©16ls =800 &£ Amnowte 16 minutes ago (F Provider Options




L AN

&«

oo
oo

N

@m

D o v &

LangSmith X o+

c 2% smith.langchain.com/o,

Editing ChatOpenAl

Input

v

UMAN
You are an assistant for question-answering tasks.
Use the following pieces of retrieved context to
answer the question. If you don't know the answer,
just say that you don't know. Use three sentences
maximum and keep the answer concise.

Question: what is the payload | can carry with the
Falcon 9 rocket to Mars?

Context: CAPABILITIES & SERVICESFALCON
9DESTINATIONSpaceX offers competitive pricing
for its Falcon 9 and Falcon Heavy launch services.
SpaceXalso offers crew transportation services
tolow-Earth orbit (LEO) destinations.See additional
information at spacex.com/humanspaceflight.
LOW-EARTH ORBIT (LEO)GEOSYNCHRONOUS
TRAMNSFER ORBIT (GTO)PAYLOAD TO MARS22,000
kg50,265 lbs8,300 kg18,300 lbs4,020 kg8,860
IbsSTANDARD PAYMENT PLAN(through
2024)$69.75 MUp to 5.5 mT TO GTOPRICE *
*Pricing adjustments made in January 2024
account for inflation. Missions purchased in 2024
but flown beyond 2027 may be subject to
additional adjustments due to
inflation.Performance represents max capability on
fully expendable vehicle.

© Space Exploration Technologies Corp. All rights
reserved. 13

SpaceX requires that customers verify the mass
properties of their system through measurement
before shipping it to

the launch site_SnaceX mav reauest insight inta

Output
Fancy rendering e

Al

The payload capacity of the Falcon 9 rocket to Mars is 8,300 kg or
18,300 lbs. SpaceX offers competitive pricing for its launch services to
various destinations, including low-Earth orbit and Mars. Customers
need to verify the mass properties of their payload before shippingft to

the launch site.
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CAPABILITIES & SERVICES

‘SpacaX offers competitive pricing for its Falcon 9 and Falcon Heavy la
also offers crew transpartation services to low-Earth orbit (LED) destinat
information at spacex.com/humanspacefiight.

PRICE * FALCON 9

STANDARD PAYMENT PLAN $69.75M
(through 2024) Upto 55 mT T0 GTO

DESTINATION

LOW-EARTH ORBIT (LEO) 22,000 kg
50,265 Ibs

GEOSYNCHRONOUS TRANSFER ORBIT (GTO) 8,300 kg

18,300 lbs

PAYLOAD TO MARS 4,020 kg
8860 lbs

(I\;aximum Length -1
7 Destination Load Carry
° LOW-EARTH ORBIT 22,000 kg (50,265 Ibs)
Fre (LEO)
O
| GEOSYNCHRONOUS 8,300 kg (18,300 Ibs)
TRANSFER ORBIT (GTO)
«{ PAYLOAD TO MARS 4,020 kg (8,860 Ibs)
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& Personz Back to ChatOpenAl Rur

" STANDARD PAYMENT PLAN $69.75M
Edltln Chato enAI {through 2024} Up to 5.5 mT TO GTO
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a Input d
p Output ChatOpenAl gpt-3.5-turbo 3 DESTINATION
UMAN 2 Fancy rendering (@D LOW-EARTH ORBIT (LEO) 22,000 kg
50,265 Ibs
= You are an assistant for question-answering tasks. Al S ————————— 8300 kg
Use the following pieces of retrieved context to 18,300 bs
g answer the auestion. If vou don't know the answer. The pavload vou can carry with the Falcon 9 rocket to Mars is 4,020 kg PAYLOAD TO MARS 4,020 kg
8860 lbs
iyst sav that
Context:
. . . :
| Destination | Falcon 9 | Maximum Length
--|---| °
Top.B 1

| LOW-EARTH ORBIT (LEO) | 22,000 kg (50,265 lbs] | -

Destination Load Carry
| GEOSYNCHRONOUS TRANSFER ORBIT (GTO) | Pre
o -
8,300 kg (18,300 lbs) | LOW-EARTH ORBIT 22,000 kg (50,265 Ibs)

Fre LEO
| PAYLOAD TO MARS | 4,020 kg (8,860 lbs) | o (LEO)

GEOSYNCHRONOUS 8,300 kg (18,300 Ibs)

@ TRANSFER ORBIT (GTO)

@

® = PAYLOAD TO MARS 4,020 kg (8,860 Ibs)
f ©=l0ls S .. afewsecondsago Pr-ovidcr()puons y
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| GEOSYNCHRONOUS TRANS
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You are an assistant for question-answering tasks.

Use the following pieces of retrieved context to
answer the question. If you don't know the answer,
just say that you don't know. Use three sentences
maximum and keep the answer concise.

Question: what is the payload | can carry with the
Falcon 9 rocket to Mars?

Context:

| Destination | Falcon 9 |

| LOW-EARTH ORBIT (LEO) | 22,000 kg (50,265 lbs) |

| GEOSYNCHRONOUS TRANSFER ORBIT (GTO) |
8,300 kg (18,300 Lbs) |
| PAYLOAD TO MARS | 4,020 kg (8,860 lbs) |

+ Message

Provider

Qutput
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! Model

The payload y|
(8,860 lbs).
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\,x 5 Personal < Back to ChatOpenAl Run DEVELOPER
e Editing ChatOpenAl Secrets & APIKeys  History
A Input Out 35 = )
put ChatOpenAl gpt-3.5-turbo 52 Settings X
@ HUMAN ~ Fancy rendering c -
v Provider
F4 You are an assistant for question-answering tasks.
Use the following pieces of retrieved context to Al u] ChatOpenAl e
= answer the question. If you don't know the answer, The payload capacity of the Falcon 9 rocket to Mars is 8,300 kg or Model
just say that you don't know. Use three sentences 18,300 lbs. SpaceX offers competitive pricing for its launch services to
0] maximum and keep the answer concise. various destinations, including low-Earth orbit and Mars. Customers gpt-3.5-turbo v
Question: what is the payload | can carry with the need to verify the mass properties of their payload before shipping it to
Falcon 9 rocket to Mars? the launch site. Temperature o
Context: CAPABILITIES & SERVICESFALCON lo]
9DESTINATIONSpaceX offers competitive pricing
for its Falcon 9 and Falcon Heavy launch services. Maximum Length 1
SpaceXalso offers crew transportation services o
tolow-Earth orbit (LEO) destinations.See additional
information at spacex.com/humanspaceflight. TopP 1
LOW-EARTH ORBIT (LEO)GEOSYNCHRONOUS
TRANSFER ORBIT (GTO)PAYLOAD TO MARS22,000 O
kg50,265 |bs8,300 kg18,300 Lbs4,020 kg8,860
IbsSTANDARD PAYMENT PLAN(through Presence Panalty 0
2024)$69.75 MUp to 5.5 mT TO GTOPRICE * o
*Pricing adjustments made in January 2024
account for inflation. Missions purchased in 2024 Frequency Penalty 0
but flown beyond 2027 may be subject to O
additional adjustments due to
inflation.Performance represents max capability on Tools
0- fully expendable vehicle.
' n-selected b 3 —+ Add
@ © Space Exploration Technologies Corp. All rights
reserved. 13 Seed
B
JSON mode D
@ Stop Sequences
SpaceXl reqmres.lhm customers verify the mass + Add stop sequence
e properties of their system through measurement .
before shipping it to ©16ls =800 &£ Amnowte 16 minutes ago (F Provider Options
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You are an assistant for question-answering tasks.
Use the following pieces of retrieved context to
answer the question. If you don't know the answer,
just say that you don't know. Use three sentences
maximum and keep the answer concise.

Question: what is the payload | can carry with the
Falcon 9 rocket to Mars?

Context:
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We're announcing GPT-40, our new flagship model that
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Level 1 Level 2 Level 3 Level 4

Basic RAG Hybrid search Advanced data formats Multimodal

* Retrieval, « Combining vector « HTML, Word, PDF « Multimodal for audio,
Augmentation & search and keyword , : images and even
Generation search. - PDF W'th native text video.

but also images

« RAG components : « Sparse text search . Jumbled text * Images in prompt can
Data- collection and using: TF-IDF and BM- umbied tex be very powerful.
parsing, Chunking, 25 « Tables: using Beware of cost.
Embedding, Vector . : Computer Vision and
database, Large Reciprocal Rank Markdown

Language Model Fusion

(LLM)

Vector search

Chunking
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